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We describe a new, automated method for building 3D models of small-molecule ligands
complexed with proteins. Modeling templates are constructed from frameworks (i.e., ring
systems and linkers) of ligands extracted from 3D structures of ligands complexed with proteins
that are structurally related to the target protein. These templates are typically substructures
of the target ligand and are used to build models that constrain the ligand’s conformation and
binding orientation in the active site of the target protein. The practical utility of the method
is shown by demonstrating that most ligands containing related frameworks bind protein
kinases in the same orientation. Moreover, models for 15 of 19 cdk2/ligand complexes in the
protein data bank built using our method deviate from the X-ray structure by less than 2 A
(rms). Finally, we show that over 70% of small-molecule protein kinase inhibitors published in
J. Med. Chem. since 1993 can be modeled using a template extracted from a 3D protein kinase

structure in the protein data bank.

Introduction

Structure-based drug design often relies on high-
quality three-dimensional (3D) models of small-molecule
inhibitors bound to drug targets. Three-dimensional
models are used throughout the drug design process for
visual analysis and molecular docking. Since experi-
mental determination of 3D structures is still slow
relative to the identification of new inhibitor molecules,
development of accurate computational methods for
model building is extremely important.

Automated modeling of small-molecule structures in
protein complexes is typically performed using molec-
ular docking.!~* Docking attempts to model the 3D
structure of a protein/ligand complex by optimizing the
conformation and orientation of the ligand in the protein
binding site using all of the conformational, transla-
tional, and rotational degrees of freedom available to
the ligand. Typically, docking does not directly utilize
information about the conformation and orientation of
key binding elements in the target ligand from 3D
structures of complexes closely related to the target
complex (i.e., a ligand similar to the target ligand bound
to a protein with active site similar to the target protein
active site). Although a recently described method uses
the binding orientation of a molecular scaffold from one
X-ray structure to generate in silico inhibitor selectivity
profiles for a set of related enzymes,®> automated selec-
tion of a crystallographic scaffold pose for use in
modeling has not been reported.

In contrast to molecular docking, information from
related 3D structures is used routinely and in an
automated fashion for modeling 3D protein structures.
For example, comparative homology modeling approxi-
mates a 3D protein structure based on the structures
of one or more related proteins.®” Comparative modeling
software packages®® automatically identify related 3D
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Figure 1. Generation of molecular frameworks. Molecule 1
from pdb code 1di8*2 is reduced to the molecular framework 2
by removing the 6,7-dimethoxy moieties.

structures and extract protein backbones from these
structures for use as protein modeling templates.

Just as protein backbones can serve as templates for
modeling protein structures, molecular frameworks can
serve as templates for modeling ligands in ligand/
protein complexes. Frameworks are the union of ring
systems and linkers in a molecule (see Figure 1). Each
molecule has a single framework. For example, the
framework for phenyl p-tolylamine is diphenylamine.
Frameworks are useful as templates for 3D model
building because large molecular databases often have
a relatively small number of common frameworks. For
example, 42 molecular frameworks accounted for a
quarter of 5120 drugs analyzed in the Comprehensive
Medicinal Chemistry (CMC) database.l® Furthermore,
ligand frameworks frequently contain key protein-
recognition elements (e.g., hydrogen-bonding atoms and
hydrophobic moieties) that determine ligand binding
orientation in protein/ligand complexes. For example,
two out of three hydrogen bonds typically formed
between the adenosine moiety in ATP and the hinge
region of protein kinases are formed with atoms in the
ATP framework. Frameworks are also easy to manipu-
late computationally. Thus, reduction of molecular
databases to frameworks and selection of appropriate
frameworks for model building is easily automated.
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Here, we describe a new method for building 3D
models of protein/ligand complexes. We use molecular
frameworks, selected from a database of experimental
3D structures of ligand/protein complexes, as modeling
scaffolds. To evaluate the utility of frameworks as ligand
templates, we analyze complexes in the protein data
bank containing a small-molecule ligand bound in the
ATP site of a protein kinase. We analyze protein kinases
because many are thought to be good drug targets! and
a significant number of chemically diverse Kkinase
inhibitors and X-ray structures of inhibitor/protein
kinase complexes are publicly disclosed. Comparing
identical frameworks and frameworks sharing common
substructures, we show that no framework occurs in
more than four distinct binding orientations in our data
set. Moreover, ligands that share a common framework
containing three or more rings usually all bind in the
same orientation. We build models of cdk2/ligand com-
plexes with X-ray structures in the Protein Data Bank??
(pdb) and show that 15 of the 19 structures can be
modeled accurately by our method. Finally, we demon-
strate the practical utility of the method using a
purchased database of 377 protein kinase inhibitors
published in the Journal of Medicinal Chemistry be-
tween 1993 and 2002. While only 10 molecules in this
database are identical to compounds with an X-ray
structure in complex with a protein kinase in the pdb,
we show that 72% share a framework and therefore can
be modeled using our method.

Methods

All software was written at Vertex Pharmaceuticals,
Inc. in Python, Perl, or C++ unless otherwise noted.
Routines that require molecular representation use the
Python or C++ interface to the OEChem library (Open-
Eye Scientific Software, Santa Fe, NM 87507).

X-ray Structures. We used FASTA to identify
X-ray structures in the pdb with sequences homologous
to the kinase domain of pkaa using a cutoff value of 3.
Because we used a high cutoff value, the choice of a
reference kinase sequence does not affect the results.
Only structures containing a ligand that binds to the
ATP pocket of the kinase were included in the analysis.
For pdb files containing multiple structures of the same
kinase domain with different chain names, only the first
chain containing the kinase domain was included in the
analysis. As shown in Figure 2, the X-ray structures
were aligned in a common coordinate frame by super-
imposing backbone atoms (N, CA, and C) of residues
corresponding to 142—149 in the jnk3 hinge region?®®
onto the jnk3 reference structure (pdb code 1jnk') using
the McLachlan algorithm!? as implemented in the
program ProFit (A. C. R. Martin, http://www.bioinf.org.
uk/software/profit/).

Separate files for ligand and protein atoms were
extracted from each aligned pdb file. A SMILES string
was obtained for each ligand by converting the IUPAC
name in the HETNAM record of the pdb file to SMILES
using Chemdraw (CambridgeSoft, Cambridge, MA 02140)
with manual error checking. The SMILES string and
pdb coordinates were then used to create an MDL mol
file (MDL Information Systems, San Leandro, CA
94577). A framework library was created by reducing
the molecules to frameworks using the method de-
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Figure 2. Align 3D structures. Shown are three X-ray
structures of protein kinase inhibitors with identical frame-
works (pdb codes 1h1q,'® 1h1r,'® 1h1s!8). The X-ray structures
of the three inhibitors are in complex with the protein kKinase
cdk2, and the cdk2 structure from 1h1q'® is shown (ribbon
drawing). The complexes were aligned in a common reference
frame by superimposing the backbone atoms (shown in orange)
for each cdk2 protein structure to the corresponding atoms in
a jnk3 X-ray structure (pdb code 1jnk?%). Figure was prepared
using PyMOL.%®

scribed by Bemis and Murcko®® (Figure 1) except that
here we include in the molecular framework carbonyl
oxygen atoms directly connected to framework atoms.
We include these atoms because they are rigid and
because they sometimes make important interactions
with proteins.

Binding Mode Analysis. From the library contain-
ing ligand frameworks from protein kinase X-ray struc-
tures, we identified sets of identical frameworks (illus-
trated in Figure 3a) and sets of related frameworks
(illustrated in Figure 3b). To construct sets of related
frameworks, each framework in the library was used
in turn as a query ligand. For each query ligand, a
framework set was created that contained the query
ligand and all of the other ligands in the framework
library that have the query ligand as a substructure
(illustrated in Figure 3b). Only framework sets contain-
ing the query ligand and at least one other ligand from
the framework library were saved for further analysis.

We determined the number of binding orientations
in protein kinase ATP sites for each framework set by
first calculating the root-mean-square (rms) distance
between corresponding framework atoms in each pair
of molecules within the set. For sets of related frame-
works, rms distances were calculated using only the
atoms in the common framework substructure. We then
clustered the molecules in each set using the single-
linkage method?? with a cutoff of 1.5 A. Each separate
cluster identified by this procedure was counted as a
distinct binding mode.

Model Building. All computations were carried out
on an Intel Xeon processor (2.20 GHz) with a cache size
of 512 kB. We constructed a template list using the
library containing ligand frameworks from protein
kinase X-ray structures. The model building procedure
CORES (complexes restricted by experimental struc-
tures) is described step-by-step below.
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Figure 3. (a) Example of ligands from protein kinase X-ray structures with identical frameworks. 2 (pdb code 1m1729), 3 (pdb
code 1di8*%), and 4 (pdb code 1di9*%) all share the framework 1. (b) A set of related frameworks. All frameworks are from ligands

in protein kinase X-ray structures: 5 (pdb code 1ke5%!), 6 (pdb code 1ke7?%), 7 (pdb code 1ke82%).

1. The first step in the restricted docking process is
the identification of template frameworks, T, that are
substructures of the molecule, M, to be modeled. We
identify templates in two ways. First, we perform a
subgraph match of each molecule, T, in the framework
library with M (Figure 4a). Frameworks with successful
subgraph match are added to the list of suitable
templates. Second, we perform a subgraph match of the
framework of M with each molecule, T, in the frame-
work library (Figure 4b). For each match, a template
containing the atoms in the subgraph match is created
and added to the list of suitable templates.

2. Each suitable template identified in step 1 is used
to define a set of fixed and a set of flexible bonds. Any
rotatable bond in M that maps to a bond in T is marked
as fixed, and the dihedral in M is set to the value
observed in T. This process is illustrated in Figure 4c.
The template, shown in red, contains two rotatable
bonds with dihedrals of 175° and 139°. The correspond-
ing dihedrals in the molecule M to be docked are set to
the values observed in T. These bonds are then marked
as fixed and are not searched in the third step. All
remaining dihedrals are marked as flexible and searched
in step 3.

3. A conformational search of the dihedrals marked
as flexible in the previous step is then performed to
generate an ensemble of low-energy conformers. The
conformational search is carried out using the program
Omega (OpenEye Scientific Software, Santa Fe, NM
87507). Omega performs a systematic search over a set
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Figure 4. (a) The framework T is a substructure of the
molecule M to be modeled. Atoms in the subgraph that are in
both T and M are shown in red. (b) The framework of M is a
substructure of T. Atoms in the subgraph that are in both the
framework of M and T are shown in red. (c) Rotatable bonds
in M that map to a bond in the template T from (a). Values
shown for the dihedrals are from 2 (pdb code 1m172°).

of discrete values for each dihedral marked as flexible
in the second step. The default torsion file from Open-
Eye was used. The energy of each conformer is deter-
mined using a simplified force field.
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Three criteria are used to limit the set of conformers
generated by Omega. A maximum of 50 conformers are
retained, all having a strain energy within 10 kcal of
the lowest energy conformation retained. To avoid
docking redundant conformers, any conformer having
an rms fit of less than 0.6 A to another conformer is
removed.

4. In the final step, each conformer of the molecule
M, to be docked, is superimposed on the template T.
Following the superposition, the position of M is opti-
mized using rigid body minimization against Chem-
Score.2324 At the completion of the minimization, the
rms displacement of the atoms in M corresponding to
T from the original position of T is measured.

Protein Kinase Inhibitors. Inhibitors in a database
of compounds published in J. Med. Chem. between 1993
and 2002 (GVK, Boston, MA 02109, http://www.gvkbio.
com) that are active (ICsp < 1 um) against pka, erk, cdk,
p38, pdgfr, kit, or src were selected. We chose com-
pounds active against this subset of kinases because
visual inspection of the database indicated that these
were the most common assayed kinases for compounds
contained in the database. Compounds with peptide
backbones (identified visually) and compounds with
frameworks containing fewer than 7 atoms were re-
moved, leaving a total of 377 unique inhibitors.

Results

Framework Binding Modes. We analyzed the
library containing ligand frameworks from protein
kinase X-ray structures. A total of 51 unique ligand
frameworks are extracted from the 117 protein kinase/
ligand complexes in the Protein Data Bank. One of these
frameworks, 9-(tetrahydrofuran-2-yl)-9H-purine, is the
framework for ATP. It is represented 51 times and
always binds to protein kinases in the same orientation,
so it was excluded from further analysis. The 50
remaining unique ligand frameworks are shown in
Table 1, together with the pdb codes of the X-ray
structures containing each ligand. Among the 50 frame-
works, 14 are represented more than once in the data
set (see Figure 3a for an example). A total of 33
complexes contain these 14 frameworks and 7 of the
frameworks are found in complexes with more than one
protein kinase.

Figure 5a is a histogram showing the distribution of
number of binding modes for the 14 sets of identical
frameworks. The results for different size frameworks
are shown separately. The analysis reveals that the
majority of the frameworks (78%) are found in a single
orientation.

We extend the analysis to sets of related frameworks.
We obtained 9 sets of related frameworks containing
frameworks from a total of 39 unique ligands (see Figure
3b for an example). Among the 9 sets are 6 containing
complexes between two or more distinct protein kinases.

A histogram showing the distribution of the number
of binding modes for the 9 sets of frameworks is shown
in Figure 5b. Results for different size frameworks are
shown separately. A majority (55%) of the ligand sets
bind in a single orientation. The common frameworks
for many of the sets are small. Most contain only two
rings. In contrast to the larger frameworks, which
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usually bind in only one orientation, the number of
binding modes for the smaller frameworks are evenly
distributed between 1 and 4. The number of binding
modes for each framework is shown in Table 1.

3D Models. We built and evaluated models of 21
cdk2/ligand complexes with X-ray structures in the pdb.
The 21 complexes were chosen from the 32 cdk2/ligand
complexes in the pdb because of the availability of
suitable ligand templates for these complexes in our
framework library. Among the other 11 cdk2 complexes,
9 complexes contain ligands with unique frameworks
and 2 structures contain staurosporin bound to cdk2.
Since model building using an identical ligand as a
template is trivial, the staurosporin structures were
omitted.

For each of the 21 complexes, we built multiple
models as described in Methods and used the procedure
described below to select a final model to compare with
the X-ray structure. Among the multiple models, we first
eliminated models built using any template other than
the one with the most rings. We favor templates
containing more rings because they usually bind in
fewer discrete orientations (Figure 5) and find that
models built using larger templates are more accurate
(data not shown). Among the remaining models, we then
selected as the final model the one with the smallest
ligand displacement during rigid body minimization
with the empirical scoring function ChemScore. We also
evaluated ChemScore as a criterion for model selection
both before and after rigid body minimization but found
ligand displacement performed better (data not shown).
We built all of the models using a single cdk2 X-ray
structure (pdb code 1gz82%), chosen because it has the
highest resolution (1.3 A) among human cdk2 X-ray
structures in the Protein Data Bank.

Comparisons of the final models with corresponding
X-ray structures are shown in Tables 2 and 3. We
modeled 15 of the ligand complexes accurately (rms
deviation less than 2.0 A from the X-ray structure).
Accurate models are distinguished by small (<1.5 A)
ligand displacement during the rigid body minimization
step of model building. Ligand displacement for all of
the accurate models is less than 1.5 A and is 1.0 A or
less for 13 out of the 15 accurate models.

Six models deviated more than 2.0 A from the X-ray
structure of the complex. Two of these (pdb codes 1gij26
and 1p5e?7) are easily filtered by large (>1.5 A) ligand
displacement during rigid body minimization. A third
(pdb code 1ckp?®) was modeled using the framework
from the ligand in pdb code 1gz8.2° The ligands in pdb
codes 1ckp?® and 1gz82° bind in different orientations
(see Figure 6), and modeling 1ckp?® using the framework
from 1gz82° results in an inaccurate model. No other
framework in the database is a suitable modeling
template for 1ckp.28 The other three models deviating
more than 2.0 A from the X-ray structure were modeled
using templates with the correct binding orientation
(i.e., in the same framework cluster). In all three of these
cases, the ligands extend out of the kinase active site
and into the solvent. The positions of the ligand atoms
contacting protein active site atoms are very similar in
the X-ray structures and models (rms deviations of 1.1,
0.6, and 1.2 A for pdb codes 1h06,2° 1ke8,2! and 1g5s,3°
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Table 1. Frameworks from Protein Kinase Inhibitors in the Protein Data Bank
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a2 ND indicates that the framework has only appeared once so far in protein kinase X-ray structures in the pdb.

respectively). The relatively high rms deviations for
these models result from different orientations for
moieties that protrude into the solvent and away from
the active site. Thus, these models are still quite useful
for analysis of ligand binding within the active site,
despite having relatively high overall rms deviation
from the X-ray structure. By exclusion of the two models
eliminated by the ligand displacement filter, 15 of 19
models (79%) that were built using our method deviated
by less than 2.0 A (rms) from the X-ray structures.
Protein Kinase Inhibitors. In addition to being
accurate, model building techniques must be broadly
applicable in order to be useful. Therefore, we searched

for templates in our framework library that could be
used to model molecules in a database of 377 protein
kinase inhibitors published in the Journal of Medicinal
Chemistry (1993—2002). Only 10 molecules in the J.
Med. Chem. database are identical to ligands in protein
kinase X-ray structures (Table 4). However, the frame-
works of 85 inhibitors, or 23%, are identical to the
framework of a ligand in a protein kinase X-ray struc-
ture. A total of 9 distinct frameworks were matched.
The framework matched most often is shown in Figure
8 (8). The X-ray structure of the compound containing
8 is a complex with Abl tyrosine kinase (pdb code
1m5231), The frameworks for a total of 27 different
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Table 2. 3D Models of cdk2/Ligand Complexes

rms
ligand model?  displacement

ligand  vs ligand X-ray during no. of
ligand template structure minimization, template
(pdb code) (pdb code) (rms, A) A rings
1ckp 1gz8 3.9 0.13 2
1di8 1di9 1.8 1.3 3
lelv 1lhlp 1.4 1.3 3
19g5s derk 2.1 1.0 3
1gij 1kvl 125 3.8 2
1h01 1h08 1.4 0.7 3
1h06 1h07 2.8 0.4 3
1h07 1h06 1.7 0.7 3
1h08 1h01 1.9 0.5 3
1hOu 19z8 1.5 0.2 2
1hip 1928 2.0 0.3 2
1hlg 1hir 0.8 0.4 4
1hir 1hiq 0.8 0.4 4
1lhls 1lhlr 1.0 0.6 4
1ke5 1ke9 1.3 0.4 3
1ke7 1ke5 1.2 1.0 3
1ke8 1ke9 2.8 0.4 3
1ke9 1ke5 1.3 0.8 3
1p5e 1j91 4.0 2.4 2
lelx 1lhls 15 0.31 2
ljsv 1h07 1.7 0.8 2

a Following rigid body minimization.

inhibitors in the J. Med. Chem. database are identical
to 8. These inhibitors are broadly active against tyrosine
kinases.%?

An additional 117 protein kinase inhibitors from the
J. Med. Chem. database have the ligand framework
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Figure 6. Distinct framework hydrogen bond interactions
with the hinge for the ligands in pdb code 19z82% (A) and 1ckp?-
(B). Ligand hydrogen atoms involved in hydrogen bonds are
shown.

Table 3. Distribution of cdk2/Ligand Models with Respect to
Ligand Displacement and rms Deviation of the Model from the
X-ray Structure

ligand displacement, A rms vs X-ray structure, A

<2 >2
<15 15 4
>1.5 0 2

Table 4. Distribution of Template Types from the Protein
Data Bank for Modeling Protein Kinase Inhibitors in the J.
Med. Chem. Database

no. of distinct

template type no. of compds pdb templates

identical molecule 10 10
identical framework 85 9
substructure? 117 11
substructure® 59 6

a2 A molecule in the template library is a substructure of the
inhibitor to be modeled. ® Framework of the inhibitor to be modeled
is a substructure of a molecule in the template library.

200 4

150
8
=
& 100 -
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Figure 7. Distribution of the number of rings in the common
frameworks (from Figure 6a).

from a protein kinase X-ray structure as a substructure
(e.g., Figure 3b). Keeping only the largest among the
framework substructures for each of these inhibitors,
we find a total of 11 distinct ligand frameworks. The
most common among these 11 frameworks (9) is a
substructure of 50 inhibitors. 9 is the framework for an
inhibitor of the fibroblast growth factor receptor tyrosine
kinase domain (pdb code 2fgi%3) and is a substructure
of the framework matched most often in the identical
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Figure 8. Ligand frameworks extracted from protein kinase
complexes in the pdb that are the most common modeling
templates for kinase inhibitors from J. Med. Chem. database.

framework search (8). Twenty-three distinct ligand
frameworks in the J. Med. Chem. database were matched
by 9 in the substructure search.

The frameworks for an additional 59 ligands, or 16%
of the inhibitor database, are themselves a substructure
of 6 different ligand frameworks in protein kinase X-ray
structures (see Figure 4b). Frameworks from 29 of these
inhibitors are substructures of 10. These 29 molecules
are inhibitors of cyclin-dependent kinases.3*

In total, 72% of the protein kinase inhibitors analyzed
can be modeled using our method. The remaining
inhibitors cannot currently be modeled because a suit-
able modeling template is not yet present in the
database. However, as kinase cocomplex X-ray struc-
tures continue to be determined, the number of inhibi-
tors that can be modeled using our method will continue
to increase. Moreover, a focused effort to determine
representative cocomplex structures of molecules from
each chemical class of known inhibitors could efficiently
increase X-ray structure coverage of known inhibitor
space. In the interim, molecular docking will continue
to be useful in order to identify likely binding modes of
inhibitors that cannot be predicted using our method.

The protein kinase inhibitor cocomplex models should
be quite accurate. Figure 7 shows that templates with
three or more rings are found for a large majority (87%)
of the inhibitors that can be modeled using our method.
As we showed (Figure 5), larger framework templates
are less likely to bind in multiple orientations than
smaller frameworks and therefore should produce more
accurate models. The improved accuracy of the models
built using larger frameworks is demonstrated in Table
2, where the average rms deviation from X-ray struc-
tures for models built using two rings, three rings, and
four rings is 3.87, 1.79, and 0.87 A, respectively. The
fraction of the public inhibitor database that can be
modeled using framework templates containing three
or more rings is greater than the corresponding fraction
in the cdk?2 test set (Table 2). Therefore, we expect that
the accuracy of modeling the public inhibitors will
exceed the 79% accuracy rate obtained for the cdk2
inhibitors.

Discussion

We propose a new, automated method for building 3D
models of small-molecule ligands bound to protein
targets. Our method uses ligand frameworks from X-ray
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structures of protein/ligand complexes structurally re-
lated to the target complex as ligand templates for
model building. The method extends and automates the
process modelers and chemists already use to hypoth-
esize the binding mode for an inhibitor based on X-ray
structures of related complexes. To evaluate the poten-
tial to use this method for high-throughput model
building, we analyzed the public-domain Kinase X-ray
structures and a data set of known kinase inhibitors.

For our method to be useful, ligands containing the
same framework must bind related proteins in discrete
orientations. Moreover, we would like to be able to
predict in advance whether a ligand can be modeled
accurately with existing X-ray structural data. This
requires knowing the number of discrete orientations
with which ligands containing the same framework can
be expected to bind.

Parts a and b of Figure 4 show that the size of a
framework indicates whether it is likely to bind protein
kinases in multiple orientations. By combination of the
results in parts a and b of Figure 4, 82% of the clusters
with a core framework containing three or more rings
bind in a single orientation. No framework containing
four or more rings binds in more than one orientation.
In contrast, core frameworks containing only two rings
bind using a single orientation in only 20% of the
framework sets.

Interestingly, ATP contains three rings, and mol-
ecules containing the ATP framework (e.g., ATP ana-
logues and adenosine) all bind in the same orientation
in complex with protein kinases. More generally, en-
dogenous cofactors and substrates may have to bind in
a single orientation in order to avoid nonproductive
orientations of these ligands that might inhibit biologi-
cal pathways. We may therefore be able to use natural
ligands to predict the size of molecular templates that
will likely adopt unique binding orientations in a protein
binding pocket.

It is clearly preferable to use larger frameworks as
modeling templates. However, sometimes only smaller
templates may be available. It is therefore useful to
identify models built using template ligands in the
proper orientation. We find that because models built
using templates in the proper orientation are usually
near an energy minimum, ligand displacement during
rigid body minimization is often large for inaccurate
models. Additional filter functions such as ligand strain
energy may also eliminate inaccurate models.

We found that, by use of ligand displacement as a
filter, only 4 of 19 models built using our method
deviated from the X-ray structure by more than 2.0 A.
In three of these cases, the difference was due primarily
to ligand atoms outside the protein active site, suggest-
ing that the quality of our final models could be
improved by more rigorous minimization of solvent-
exposed ligand fragments. The remaining inaccurate
model was built using a framework binding in an
orientation that differs substantially from the binding
orientation of the target ligand. In this case, a frame-
work with the correct binding mode was not present in
the database. As more X-ray structures of kinase/
inhibitor complexes are determined, errors of this type
will become even less common. Overall, our accuracy
rate of 79% is already in line with validation results
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for the GOLD molecular docking software showing
accurate models for 6 out of 7 kinases (86%) in their
data set.*

Since we start with fewer molecular poses, our
method is faster than molecular docking. We built all
the models for 21 complexes in about 90 s, compared to
typical run times of 1—5 min per compound for molec-
ular docking with conformational flexibility. Our method
can be made even faster by using only the largest
suitable templates to build models.

Our method also requires less sophisticated algo-
rithms for pose generation, minimization, and scoring.
Moreover, since discrimination among models built
using different framework orientations is based on the
rms distance of the initial molecular pose from the
nearest local minimum rather than on a score related
to the energy of the complex, our method is less likely
to be sensitive to small protein conformational changes.
Indeed, all of the models shown in Table 3 were built
using a single protein X-ray structure.

The use of frameworks for modeling these complexes
has a number of limitations that will be addressed in
future work. First, information from acyclic groups is
lost even when it is a critical protein recognition feature.
For example, the ligands in pdb codes 1m2g3® and
1m2r3 have similar frameworks but bind to the protein
kinase ckll in different orientations because of different
interactions between acylic ligand atoms and the protein
kinase hinge. Second, peptide-based ligands are difficult
to model because peptide and peptidomimetic backbones
can be mapped onto one another in multiple orienta-
tions. Finally, simple heteroatom substitutions prevent
template matches (e.g., pyridine will not be mapped onto
pyrimidine even if protein recognition requires only the
pyridine nitrogen). With heteroatom substitution, an
additional six compounds in the public inhibitor data
set have frameworks that match exactly to frameworks
from public kinase X-ray structures.

We believe that our method will gain increasing favor
as the number and diversity of 3D structures of proteins
complexed with small molecules increases. More than
70% of protein kinase inhibitors in a database of public
domain protein kinase inhibitors can already be mod-
eled using our method (Figure 6). The method is readily
extendable to modeling small molecules bound to the
binding sites for ATP, cofactor, or substrates in other
protein families (e.g., lipid kinases, inosine monophos-
phate dehydrogenases, carbonic anhydrases, and phos-
phodiesterases). We expect that our method will be
particularly successful when key protein/inhibitor in-
teractions are conserved across all members of a protein
family. Certain classes of proteases, such as matrix
metalloproteases, appear to be particularly favorable
candidates. Organizing 3D structural information by
making a database of frameworks from pdb ligands in
order to explore relationships between gene families and
framework structures will be a focus of our future
research.
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